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Planet search algorithm based on spiral search mechanism

Si Shugian Dou Zhenhai
(School of Electrical and Electronic Engineering, Shandong University of Technology,Zibo 255000, China)

Wang Zichen Dong Jun

Abstract: Spiral search mechanism has strong global search ability and is widely used in firefly and whale search
algorithms, but its convergence speed is slow, the convergence accuracy is low, and the local search ability is poor. By
changing the search mode with small convergence range, a local spiral search is proposed to improve its local search
ability, and a mutation operation is introduced to improve its local search ability, and a planet search algorithm is
proposed. The algorithm is verified by single-peak and multi-peak test functions. The results show that the planet
search algorithm is better than particle swarm optimization, firefly algorithm and whale search algorithm in

convergence speed, search accuracy and local search ability.
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