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Design of automatic identification system for chip surface
identifiers based on OCR
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(School of Automation and Electronic Engincering, Qingdao University of Science and Technology, Qingdao 266061, China)

Gao Lin

Abstract: Automatic identification of chip identification codes is of great significance to avoid manual plug-in errors and
improve sorting efficiency. In this paper, a chip surface identification system based on OCR technology is designed.
The system consists of an industrial camera, a light source, a detection platform, a trigger device and a PC. The
trigger device triggers the industrial camera to capture the chip picture. The OCR algorithm is used to automatically
identify the chip surface identification code in the picture and extract the identification code for subsequent application.
The application results show that the recognition time of a single image is about 300 ms, and the recognition accuracy

can rcach morc than 95%. Under the premisce of cnsuring certain accuracys the work clliciency can be greatly

improved, and it has good practical value.
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