o W & # R #4645 5 20 B
ELECTRONIC MEASUREMENT TECHNOLOGY 2023 4F 10 A

DOI:10. 19651 /j. cnki. emt. 2312539

LAk’ £ % AL @4
(1. LEXFBEERETR2FR LE 200444; 2. LA AR A RAE L& 2004365
3. EEKRFEMNARLE BN 325000)

&

W OE: EEREEALERBEARNER BREMEMKEYRERNEHER T EZMA., 2 CHREMAME ST
LR B (I A TN AHZE & L B2 4 T — i 3k T [ 45 BRI 2 508 1) T ML BT AR T O 5 fXﬂ‘KMiKExE@ﬂﬁ&“éj\ffﬁ'#,
ot WAL B I 45 A B 5 T 00 50 A R R A 1) B AT AT B B AR R AL S R B S R AT o RALEEAE IR
ZHE LA R ROL B AR B 00 R 7E % 6L TR B 4 M B0 2R AT R A 4 IR, %I/\T%TE%* B R AE 52 T 2%
F:T ModelNetd40 A CHLERB M A A LB M & T A& 4 A CHLE RN S BUE R I EZ IR E LT TS
B, SCEGgE AR, OT VA TE AN ER B 1 ST X B ¥ U7 R 220 0. 188, I TE MLk HB B EUAS T IR 4 4 T 45 5L T LA
BRI ER B 0 T AR 0 R AT T

RER: AT ; BEBRMLYE ; A 52840 HIEp &

hE 4SS TP391.4 XHRFRIRAS : A ERfREERSERED: 520

Prediction method of aircraft segment deformation based on multi-mode
and graph convolution
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Abstract: In recent years, with the development ol artificial intelligence technology, deep neural network has been
widely used in intelligent manufacturing. This paper combines deep neural network with aircraft deformation
prediction, proposes a prediction method of aircraft segment deformation based on graph convolution and multi-mode,
In the deformation analysis of aircraft segment, the model extracts the features of aircraft structure mode and working
condition mode respectively, and fusion at the decision-making level. When extract features from aircraft segment
structure data, the aircraft structure data is in point cloud format and has the characteristics of non-Euclidean data, this
paper introduce the graph convolution. Based on ModelNetd0 and real aircraft segment working condition data,
construct aircraft segment deformation dataset deformation dataset including four aircraft segments, and experiments
are conducted on this dataset. The experimental results show that the prediction mean square error of this method is
0. 188, and get the best prediction in the nose segment of the aircraft, which can effectively predict the deformation of
aircraft segments,
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