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Data fusion algorithm of water quality sensor based on stack
hybrid encoder

Wang Zhaoli'
(1.Chengdu Academy of Environmental Sciences, Chengdu 610072, China;

Yang Yiwei’ Huang Fengchen®’ Xiao Jian® Xu Lizhong®

2.School of Computer and Information, Hohai University, Nanjing 211100, China)

Abstract; Due to the limitation of network structure and training mode for shallow neural network, network learning
ability and generalization ability are weaker than deep learning network under large sample conditions. Therefore, a data
fusion algorithm of water quality sensor based on stacked hybrid encoder is proposed. The algorithm forms a deep
learning network model by stacking automatic encoder and sparse automatic encoder, which realizes the feature mining
and sparse representation of sample data. The network model can fit the complex nonlinear function after large-scale
sample training, and has generalization ability for low quality sample data. It can improve the accuracy of prediction
classification. Simulation results show that the proposed algorithm achieves higher classification accuracy.
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